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Table 1. Percentage and Number of Poor People in East Java Province

Year Percentage of Poor Population Number of Poor People
(Percent) (thousand souls)

2018 10.98 4.332.59

2019 10.37 4.112.25

2020 11.09 4.419.10

2021 11.40 4.572.73

2022 10.38 4.181.29

Source: Central Statistics Agency (BPS)2023

One of the priorities of the development plan in East Java province is poverty alleviation as stated in the
2019-2024 East Java RPJMD on the basis of the SDGs goal to end all forms of poverty everywhere. Despite
this decline, East Java Province still has a high percentage of the population that live in poverty above 10%
and the number of poor people ranks first compared against other Indonesian provinces (Ristika et al.,
2021). Therefore, the East Java Provincial government plays an important role in upholding stability and
actively works to reduce the poverty rate each year by focusing on the decision-making process related

to programs aimed at alleviating poverty (Amami & Asmara, 2022).

Many factors can cause poverty, one of which is Gross Regional Domestic Product (GRDP) per capita,
which is a reflection of the economy in a region. Mahendra (2017) in his research states that GRDP per
capita is a more appropriate measuring tool to describe the economy than the GRDP value alone in
reflecting the welfare of the populationin a region. Per capita income serves as an indicator of purchasing
capacity in a particular region, providing a general picture of people's income so that a high GDRP in a
region indicates that the residents there have the ability to fulfill their needs (Rahmawati & Intan, 2020).
In addition, the GRDP is a useful tool for analyzing a region's annual economic growth. According to
(Todaro, 2011), poverty can rise due to a number of reasons, including slow economic growth brought on
by population growth. Economic growth has the potential to improve economic capacity, create jobs,
increase per capita income (thereby reducing poverty), stimulate increased demand and supply, and
harmonize with various economic mechanisms (Maipita, 2014).

Based on the poverty cycle theory developed by Nurkse (1953), poverty can be an inhibiting factor for
future development (Arsyad, 2010). In terms of capital supply, low levels of community income due to
low levels of productivity can hamper people's ability to save. In this case, the higher the income of the
community will make it easier for people to fulfill their needs so that poverty can be reduced and the
welfare of the population increased. This has been proven in (Rahman et al., 2021), demonstrating that
GDRP per capita have a negative effect on poverty, where an increase in production per individual or the
real income of each individual will improve one's standard of living and keep away from poverty.
However, similar research shows different results where according to (Wau, 2022), in an investigation into
how poverty in Indonesia's lagging regions is affected by economic growth as determined by GRDP per
capita, it was discovered that has no significant effect on poverty because in reality, despite development

in lagging regions, poverty reduction has not been achieved.
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In addition to GRDP per capita, one of the factors determining the poverty rate comes from the quality of
human resources (Handalani, 2019). As stated by Sharp in (Kuncoro, 2010), from an economic perspective,
the high rate of poverty is a result of inadequate human resources. HDI serves as important parameter to
gauge the effectiveness of raising the quality of human life (Rahmawati & Intan, 2020). The HD! includes
three important indicators including the level of education, health, and decent standard of living, when
these three indicators are met, the community can be classified as a prosperous society (Fadila & Marwan,
2020). HDI depicts the enhancement of human resources quality, contributing to the formation of a skilled

and effective workforce capable of fulfilling their requirements (Setiadi & Mafruhat, 2023).

Nurkse (1953) in his theory states that the HDI value of a region will affect the labor productivity of the
population in the area. If the HDI in a region decreases, It is going to affect the low labor productivity of
the population. In this case, getting out of poverty can be helped by improving living standards, improving
health, and improving education and human resources. Previous research has shown that poverty levels
can be reduced by improving the standard of human resources such as improving health, education, and
human living standards as determined by the Human Development Index (HDI) (Fitriady et al., 2022;
Nainggolan, Sembiring, & Nainggolan, 2021; Purnomo, 2019). On the other hand, according to research
by (Ipmawan et al., 2022) Poverty is not significantly affected by HDI, therefore an increase in HDI is not
invariably accompanied by a decline in poverty. The HDI value of East Java province in 2012-2015 has
increased, the number of poor people has also increased, so it is interesting to study the effect of HDI on

poverty in East Java.

The quality of human resources is related to employment because good quality resources create a
qualified workforce and are able to meet their needs. When a person works, they will earn income so that
they can fulfill their needs and avoid poverty. For most people, losing a job causes living standards to drop
and psychological suffering to increase (Mankiw, 2006). Unemployment can be an obstacle in economic
development because unemployment does not contribute to the economy (Feriyanto et al., 2020). The
real form of high unemployment is a decrease in income, which is accompanied by a decrease in the level
of community welfare, causing poverty (Prayoga et al., 2021). This is evidenced in (Loka, 2022) which
states that the high level of unemployment causes an increase in poverty because someone who does not
work does not have income so he is unable to meet his needs. On the other hand, in the research of
(Rahman et al., 2021) unemployment has no effect on poverty because unemployed people are not
necessarily poor and cannot fulfill their needs. In this case, one of the solutions in overcoming poverty is
to provide adequate wages and provide employment opportunities for the poor. Therefore, increasing
employment opportunities is an important element in development planning that focuses on eliminating
poverty (Arsyad, 2010).

In realizing the achievement of the poverty rate is not far from the role of the government in overcoming
it. According to Mankiw in (Maipita, 2014), one way that the government might intervene in a region's
economy is through fiscal policy. One of the main drivers of a region's economic growth is regional
expenditure, which is a type of government expenditure included in the local budgets (APBD). Regional
spending is a crucial component of the APBD as it pertains to enhancing community welfare through

government intervention (Fitriyanti & Handayani, 2020). Appropriate allocation of regional expenditure
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can show the success of a region's development. Local governments manage regional budgets and
expenditures to achieve economic development, so that through the accomplishment of a region's
economic growth it is able to create prosperity for the community and reduce poverty (Risdiyanto et al.,
2023). A region's development will increase with increased local government spending, and this increase

will have an effect on lowering poverty (Masduki et al., 2022).

According to Adolf Wagner's theory, government expenditures and operations have gone up throughout
time (Choir & Hapsari, 2023). According to Wagner, an increase in per capita income in an economy will
be accompanied by an increase in government spending (Ningrum et al., 2020). An increase in
government spending indicates an expansion of the government's role in controlling all economic
activities for the good of society in order to improve welfare and reduce poverty. This is evidenced in
(Evita & Primandhana, 2022) that poverty is negatively impacted by government spending, hence poverty
will decline as government spending rises. But, this is contrary to the findings conducted by (Solikah et al.,
2022) that government spending or regional spending has no effect on poverty because spending on
poverty alleviation programs has not been effective in overcoming existing poverty.

Based on research that has been conducted, it is found that poverty in East Java Province is still relatively
high and ranks first among Indonesia's provinces with the greatest number of poor population. In addition,
in previous studies there are still inconsistencies in relevant results based on four macroeconomic
variables that are thought to affect poverty, namely GRDP per capita, Human Development Index (HDI),
Open Unemployment Rate, and regional expenditure. In addition, previous studies have not clearly shown
the influence of GDRP per capita, Human Development Index (HDI), Open Unemployment Rate, and
regional expenditure on poverty in East Java Province, especially in the last 11 years. Therefore, a study
was conducted on the variables that affect poverty in East Java Province, with the aim of knowing how
the influence of GRDP per capita, HDI, TPT, and government expenditure on poverty, so that itis expected
to be a reference or policy making in poverty alleviation efforts.

Research Method

The research methodology employed is quantitative research, According to Creswell, quantitative
research is an approach used to test certain theories by exploring the relationships between variables,
which are assessed through research instruments and data analyzed in the form of numbers (Kusumastuti
et al., 2020). The 38 districts and cities in the East Java province served as the study's subject, because
this region has the largest concentration of poor people in Indonesia. The research time period used is
2011-2022 where there is a gap between theory and actual conditions. In addition, poverty conditions in
East Java Province have fluctuated over the past 11 years. Panel data from the Central Statistics Agency
(BPS), the Directorate General of Fiscal Balance (DPJK), and other institutions. Then, data processing was

done using E-views 12.

In this research, one dependent variable and four independent variables are employed. The dependent
variable used to characterize poverty in East Java Province is the number of poor people. Meanwhile,
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GRDP per capita, Human Development Index (HDI), Open Unemployment Rate, and Regional Expenditure
as independent variables in this study.

For data processing, this study uses the Error Correction Model (ECM) approach with a dynamic panel
regression model. The foundation of the ECM method is the presence of cointegration between the
model's variables and stationarity tests on research data that are stationary at the same level of difference
and are tested using a variety of techniques, including Philips Perron, Augmented Dickey Fuller (ADF), and
Levin, Lin, and Chu (Wau, 2022). The selection of the ECM method in this study aims to avoid spurious
regression analysis results. In this case of spurious regression, it indicates that the research variables don't
relate to one another, even though the regression results produce sizable coefficients and a high
coefficient of determination (Ekananda, 2014). Numerous prior investigations have demonstrated that
this methodology is suitable for examining how independent and dependent variables are related to one
another over both the short and long terms (Payapo et al., 2023; Setiadi & Mafruhat, 2023; Wau, 2022).
Therefore, to avoid spurious regression between variables in the model, ECM analysis is conducted based
on the cointegration test to see the influence in the long run and short run.

The following is the ECM regression panel equation model in the long run:
logKM; = By + B logPDRB;; + P2logiPM;. + B3logTPTy + BalogBDye + ;¢ (1)

Where, Y, is the number of poor people; f3, is a constant; logPDRB;, is GDRP per capita; logIPM,, is
human development index; logTPT;,. is open unemployment rate; logBD;, regional expenditure, &,
residuals.

While the short-term ECM regression panel equation model, as follows:
AlogKMy = By + B14logPDRB;, + B24logl PMyy + B3AlogTPTy + ByAlogBDyy + ECT(—1) + it (2)

ECT;; is an error correction term as the value of unbalance in the short term, so it can be formulated as
follows:

ECT;, = logKMy — Bo — P1logPDRB;, — fologlPM;, + B3logTPT; + B4logBD;, (3)

Since this study uses panel data, equation models (1) and (2) are estimated using three approaches to
obtain the best model, including: (1) Common Effect Model (CEM); (2) Fixed Effect Model (FEM); and (3)
Random Effect Model (REM). In addition, to select the best model, model specification tests were
conducted, including: (1) Chow test; (2) Hausman test; and (3) Lagrange Multiplier test (Widarjono, 2018).
After conducting all examinations, the validity of the model equation's outcomes is assessed through the
t-statistic, F-statistic, and coefficient of determination (R?) to evaluate the hypothesis’s correctness.
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Result and Discussion

Poverty in a region can illustrate the level of development success in the region. Descriptive data in table

2 shows the number of observations used in this study as many as 418 consisting of 38 districts and cities

in East Java Province and 11 years of research period, namely 2012 to 2022. The assessment of poverty in

East Java Province involves gauging the population residing below the poverty line, while the GRDP per
capita explains people’s income. Furthermore, the Human Development Index (HDI) defines the human
resources, the Open Unemployment Rate defines unemployment, and regional expenditure explains
government spending. In East Java Province, the average number of poor people from 2012 to 2022 was
120.48 thousand, with Malang City having the greatest number of poor people in 2016, at 293.74

thousand.

Table 2. Descriptive Statistics

Statistic Variable
KM PDRB IPM TPT BD
Mean 120.48 37043.66 70.22 4.45 2224.643
Median 119.36 21311.45 69.85 4.27 1935.070
Maximum 293.74 312824.0 82.74 10.97 19573.80
Minimum 6.63 9.653.900 55.78 0.85 105.90
Std.Dev. 72.664 45505.03 5.522 1.757 1882.857
Observation 418 418 418 418 418

Source: Data processed, 2023

Before regression analysis through the Error Correction Model approach, all research variables were

tested for stationarity. This examination is performed to ascertain the stationarity of the research data,

employing analyses such as the Augmented Dickey-Fuller test, the Phillips-Perron test, as well as Levin,

Lin, and Chu test to assess its stationary nature. Non-stationary data can provide significant regression

results but there is actually no relationship between the research variables. In this case, the stationarity
test is used to avoid spurious regression results.

Table 3. Data Stationarity Test Result

Stasioner at Level

Stasioner at 1% Difference

Variable
ADF PP LLC ADF PP LLC
logkM 0.8056 0.4103 0.0000 0.0000 0.0000 0.0000
logPDRB 0.9186 0.0000 0.0008 0.1665 0.0000 0.0000
loglPM 1.0000 0.0002 0.0000 0.0000 0.0000 0.0000
logTPT 0.3595 0.0008 0.0628 0.0000 0.0000 0.0000
logBD 0.0000 0.0000 0.0000 0.0012 0.0000 0.0000

Source: Data processed, 2023

The stationarity test conducted with the unit root test, one of which is through the Phillips Perron test in
table 3, shows that there are variables that are not significant at the level, namely the poverty variable
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shows a probability value higher than the significant level of 0.05, namely 0.4103. Furthermore, testing at
the first difference level was conducted and showed the results that all research data used were stationary
at this level. This indicates that the conditions for using the ECM approach have been met because the
research variables show a long-term relationship.

In testing panel data, a specification test was conducted to choose the optimal estimating model to be
used in the study. There are three approaches used in looking at the best panel model specifications,
specifically the Chow test, Hausman test, and Lagrange Multiplier.

Table 4. Specification results of the long-run panel model

Result Chow Test Hausman Test LM Test
Statistic 1949.370519 342.276818 526.5644
Prob. 0.0000 0.0000 0.0000

Source: Data processed, 2023

From the test results regarding the best model specification over the long term, table 4 indicates that the
Chowtest's probability value is 0.0000 < 0.05. This value means that the Fixed Effects Model (FEM) is more
accurate than the Common Effects Model (CEM). Furthermore, the Hausman result show a probability
value of 0.0000 < 0.05. This strengthens the estimation findings that the Fixed Effects Model (FEM) is more
accurate than the Random Effects Model (REM). In this case, when estimating long-run models, the Fixed
Effect Model (FEM) is the most suitable model to utilize.

Table 5. Long-Term Estimation Results (Fixed Effect Model)

Variable Coefficient Std. Error t-Statistic Prob.
C 11.25198 0.495712 22.69863 0.0000
logPDRB -0.250239 0.044978 -5.563576 0.0000
logiPM -1.041630 0.197315 -5.279026 0.0000
logTPT 0.031342 0.009332 3.358618 0.0009
logBD 0.016912 0.009074 1.863800 0.0631
Effect Specifications
R-squared 0.998077 F-Statistic 4760.852
Adjusted R- 0.997868 Prob (F-statistic) 0.000000
Squared

Source: Data processed, 2023

Table 5 presents the estimation outcomes for the long-term equation at a significance level of five percent
using the FEM approach lead to the conclusion that the R® value is 0.9980, or 99.80%. This means that the
GRDP per capita, HDI, TPT, and regional expenditure, may account for 99.80% of the variation in the
poverty, and the remaining 0.20 percent can be accounted for by variables not included in the research.
Simultaneously, which can be seen through the F-statistic value of 4760.852 and a probability value of
0.0000 < 0.05 indicates that there is a joint influence between the independent variables, namely GRDP
per capita, HDI, TPT, and regional expenditure on the dependent variable, namely poverty. The long-term
estimation model's output yields the following equation model:
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logKMj, = 11,25 — 0,250logPDRB;, — 1,041l0gIPM;, + 0,031l0gTPT;, + 0,016l0gBDy + £

It partially, it shows that GRDP per capita in the long run have a negative effect on poverty, with a
regression coefficient of -0.250, the t-statistic value of 5.563 > 1.965 from t-table value with a probability
value of 0.0000 < 0.05. Accordingly, poverty will drop by 0.250 percent if GRDP per capita rises by 1
percent. The HDI variable shows a in long-term negative effect on poverty with a regression coefficient
value of -1.041 and a t-statistic value of 5.279 > 1.965 from t-table value of with a probability value of
0.0000 < 0.05. Accordingly, poverty will drop by 1.041 percent if HDI rises by 1 percent. The TPT variable
in the long-term shows a positive effect on poverty with a regression coefficient of 0.031, the t-statistic
value of 3.358 > 1.965 from t-table value with a probability value of 0.0009 < 0.05. Accordingly, poverty
will rise by 0.031 percent withevery 1 percent growth in TPT. Meanwhile, in long-run estimate the regional
expenditure variable has no meaningful impact on poverty as shown by the positive regression coefficient
value of 0.016, the t-statistic value of 1.863 < t-table value of 1.965 with a probability value of 0.0631 >
0.05. Accordingly, poverty will rise by 0.016 percent with every 1 percent growth in regional expenditure,
but no discernible change in poverty overall.

Table 6. Cointegration Test

Result Augmented Dickey-Fuller Philips-Perron
Statistic 142.100 158.520
Prob. 0.0000 0.0000

Source: Data processed, 2023

From the results of the cointegration test are shown, in table 6 obtained residual values from the long-
term panel model tested using the Phillips Perron (PP) and Augmented Dickey-Fuller (ADF) technigues
methods to see whether the residual values are stationary or not at the five percent significance level.
The findings show that the probability value in the ADF and Phillips Perron tests is 0.0000 <0.05. This
means that the residual values are stationary at the level degree so there is an indication of cointegration.
Therefore, the Error Correction Model (ECM) technique is used for estimate which is based on when the
data has been integrated to the same degree.

Table 7. Specification of The Short-Run Panel Model Results

Result Chow Test Hausman Test LM Test
Statistic 21.452440 13.661711 4.562335
Prob. 0.9807 0.0179 0.0327

Source: Data processed, 2023

The outcomes of the best model specification test that was carried out in the short term are shown in
Table 7 using the Hausman, LM, and Chow tests, it is known that the Chow test has a probability value of
0.9807 > 0.05, meaning that the CEM model is superior to the FEM model. In addition, the finding of
Hausman test showing a probability value of 0.0179 > 0.05 suggest that the FEM model outperforms the
REM model. Because the results of testing the short-term model specifications with the chow test and
hausman test have not provided the right decision, the Lagrange Multiplier (Breusch-Pagan)test is carried
out which shows a probability value of 0.0327 < 0.05 so that the REM model is better than the CEM model.
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In this case, when estimating short-term models, the Random Effect Model (REM) is the most suitable
model to utilize.

Table 8. Short-Term Estimation Results (Random Effect Model)

Variable Coefficient Std. Error t-Statistic Prob.
C 0.020747 0.004515 4.594861 0.0000
D(logPDRB) -0.360936 0.061672 -5.852553 0.0000
D(logiPM) -2.926701 0.514424 -5.689283 0.0000
D(logTPT) 0.010841 0.006862 1.579726 0.1150
D(logBD) 0.003781 0.005102 0.726837 0.4678
ECT(-1) -0.569039 0.046702 -12.18443 0.0000
Effect Specifications
R-squared 0.517875 F-Statistic 80.34643
Adjusted R-Squared 0.511429 Prob (F-statistic) 0.000000

Source: Data processed, 2023

Table 8 presents the estimation outcomes for the short-term equation at a significance level of five
percent using the REM approach lead to the conclusion that the R? value is 0.517875, or 51.78%. This
means that the GRDP per capita, HDI, TPT, and regional expenditure, may account for 51.78% of the
variation in the poverty, and the remaining 48.22 percent can be accounted for by variables not included
in the research. Simultaneously, which can be seen through the F-statistic value of 80.3464 with a
probability value of 0.0000 < 0.05 indicates that there is a joint influence between the independent
variables, namely GRDP per capita, HDI, TPT, and regional expenditure on the dependent variable, namely
poverty in short-term. The short-term estimation model's output yields the following equation model:

D(logKM;;) = 0,020 - 0,3609D(logPDRB;,) - 2,926D(logl PM;;) + 0,010D({logTPT;;) + 0,003D((logBD;;)
—0,569ECT(-1) + &x

It partially, it shows that GRDP per capita has a negative effect on poverty in the short-term with a
regression coefficient of -0.360, the t-statistic value of 5.852 > 1.966 from t-table value with a probability
value of 0.0000 <0.05. Accordingly, poverty will drop by 0.360 percent if GRDP per capita rises by 1
percent. The HDI variable shows a in short-term negative effect on poverty with a regression coefficient
value of -2.92, the t-statistic value of 5.689 > the t-table value of 1.966 with a probability value of 0.0000
<0.05. Accordingly, poverty will drop by 2.92 percent if HDI rises by 1 percent. The TPT variable shows no
impact on poverty in the short-term with a regression coefficient of 0.010, the t-statistic value of 1.579 <
t-table value of 1.966 with a probability value of 0.1150 > 0.05. This indicates that while there is no
discernible impact on poverty, poverty will rise by 0.010 percent with every 1 percent growth in TPT.
Meanwhile, in short-term estimate the regional expenditure variable has no meaningful impact on
poverty as shown by the positive regression coefficient value of 0.003, the t-statistic value of 0.726 < t-
table value of 1.966 with a probability value of 0.4678 > 0.05. Accordingly, poverty will rise by 0.003
percent with every 1 percent growth in regional expenditure, but has no appreciable impact on poverty.

On the other hand, the ECT variable shows a negative coefficient regression value of -0.569 and is
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significant with a probability value of 0.0000 < 0.05. This means that the estimation in the short term has
met the community and the ECM panel model can be applied.

Table 9. Long-tem and Short-term Estimates

Coefficient
Variable (Prob.)
Long Term (FEM) Short Term (REM)

11.25198 0.020747

¢ (0.0000) (0.0000)
iogPDRE -0.250239 -0.360936
(0.0000) (0.0000)

loglPM -1.041630 -2.926701
(0.0000) (0.0000)

0.031342 0.010841

logTPT (0.0009) (0.1150)
0.016912 0.003781

logBD 0.0631) (0.4678)
- -0.569039

ECTCD (0.0000)

Source: Data processed, 2023

Table 9 presents the findings of a long and short-term data analysis, poverty in East Java Province is clearly
negatively affected by GRDP per capita in both the long and short-term. This shows that in East Java
Province, poverty alleviation can be assisted by increasing GRDP per capita. This outcome is consistent
with studies carried out by (Rahman et al., 2021; Sinaga et al., 2023) it claims that GRDP per capita has a
negative effect on poverty. This demonstrates that per capita income is related to improving people's
welfare, where a high increase in community income influences the growth of people's buying power so
that people can fulfill their needs, both food and non-food needs. In this case, strategic steps and efforts
are needed to increase the productivity of economic output in every district and city in East Java Province
so that per capita income will continue to increase. Through increased productivity of economic output,

it will have an impact on people's income in order to meet their demands.

This finding is in accordance with the theory of the poverty cycle proposed by Nurkse (1953) where when
people's income is low due to low productivity, it will lead to low capital formation, making it challenging
for people to get what they need and welfare is difficult to achieve (Arsyad, 2010). Therefore, an increase
in productivity that has an impact on increasing people's income is important to do to free people from
poverty. GRDP per capita in East Java Province amounted to 43.717,44 thousand rupiah in 2022 and this
figure increased by 1.895,55 thousand rupiah from 2021 to 2022, which indicates that thereis an increase
in people’s income on economic productivity and indicates a recovery due to Covid-19, so that welfare
can be achieved because of the ease with which people can fulfill their needs. In this case, the realization
of community welfare through increased income provides an opportunity for the community to be free

from the problem of poverty.
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GRDP Per Capita, Human Development Index, Open Unemployment Rate,
Regional Expenditure, and Poverty in East Java Province

Abstract

Poverty is one of the goals of Indonesia's development program and is stated in the first point of the SDGs.
East Java Province has one of the largest poor population in Indonesia, and reducing poverty is a key
component of the development strategy aimed at improving people's welfare. The aim of this study is to
ascertain the effect of GRDP per capita, Human Development Index (HDI), Open Unemployment Rate, and
regional expenditure in East Java Province in 2012-2022, so that through this research it is expected to be
a reference or policy-making decision in poverty alleviation efforts. This study makes use of panel data
from East Java Province's 38 districts and cities from 2012 to 2022. Research data information was
obtained from BPS and Directorate General of Fiscal Balance (DJPK). The analysis method used is
quantitative with Error Correction Model (ECM) regression analysis technique and data processed using
E-views 12. This study showed that GRDP per capita, HDI, unemployment, and regional expenditure
simultaneously affects poverty in East Java Province. It partially, GRDP per capita and HDI have a negative
effect on poverty, in the long and short-term, unemployment in the long-term has a positive effect on
poverty, but in the short term shows no effect on poverty, while regional expenditure have no effect on
poverty, either long and short-term in East Java Province.

Keywords: Poverty, GRDP per capita, Human Development Index, Open Unemployment Rate, Regional
Expenditure

JEL Classification: 132,011;015;E24;H72

Introduction

One of Indonesia's main goals in its national development agenda is poverty alleviation. Poverty is a
universal occurrence prevalent in nearly all nations, as every country worldwide grapples with issues
related to poverty (Xiao et al., 2022). Poverty poses a societal challenge as individuals categorized as
impoverished face difficulties fulfilling their responsibilities, engaging in social functions, accessing quality
education, maintaining a decent standard of living, obtaining adequate healthcare, and accessing other
essential services (Maipita, 2014). The limited access experienced by those living in poverty can lead to
various social problems such as crime, robbery, and other social challenges, potentially causing economic,
social, and political turmoil that can threaten domestic security and stability (Fitriady et al., 2022).

Poverty is also a global issue and an important point in the sustainable development program where
poverty reduction is included in the first point in the 17 goals of the SDGs. In Indonesia, poverty is still a
complex issue in the development process and is still relevant to be studied continuously because
overcoming it is still a challenge for the government. According to data from the Central Statistics Agency
(BPS), the region with the highest number of poor people in 2022 is East Java Province at 4.181,29

thousand and the percentage of the population that live in poverty is 10.38 percent, down from 11.40
percent in 2021. Although this poverty rate shows a decline, this figure is still above the figure targeted in
the 2019-2024 East Java RPIMD of 9.76 percent in 2022.
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The quality of human resources is depicted by the Human Development Index in a region as a factor that
determines poverty levels in addition to GRDP per capita, which includes three important indicators,
namely education, health, and decent living standards. The results of data analysis in the long and short-
term show that HDI has a negative effect on poverty in East Java Province. This indicates that raising the
HDI can help lowering poverty in the East Java Province. An increase in HDI is able to increase labor
productivity so that it will have an impact on increasing the ability of the community due to the
development of community capabilities and make superior individuals competitive. These outcomes align
with research carried out by (Fitriady et al., 2022; Rohmi et al., 2021) it claims that HDI has a negative
effect on poverty. Indicators in the formation of HDI have a relationship with the level of community
productivity, where when people have good health conditions and adequate education will have an
impact on increasing community productivity. Education has a role to improve the ability of each
individual in the absorption of technology. Meanwhile, health plays a significant part in enhancing labor
productivity so as to be able to get a better job and high income. High income makes it easier to fulfill
expenditures in health and education (Setiadi & Mafruhat, 2023).

Similarly, in the poverty circle theory, where underdevelopment of human resources can be one of the
factors causing poverty. HDI, which illustrates the increased capacity of human resources, is able to create
a qualified and efficient workforce, so that it can meet its needs. On the other hand, the low productivity
of the population will be impacted by the low HDI. so that it will generate low income and cause a high
number of poor people (Kartika et al., 2021). The HDI value for East Java Province from 2012 to 2022
shows an increase and decrease in poverty together, indicating that the quality of human resources in the
province is improving. In this case, developing the quality of human resources depicted by the HDI can
help reduce poverty, so improving quality through health and education can produce more qualified
human resources.

The estimation results on the open unemployment rate (TPT) variable show that, in the long run
unemployment has a positive and significant effect on poverty. This implies that when unemployment
rises over time, the number of poor people in East Java Province will also rise. These outcomes align with
research carried out by (Fahrizal et al., 2021; Loka, 2022) it claims that unemployment has a positive effect
on poverty. Increased unemployment will result in an increase in the number of poor people, because
individuals who are unemployed or do not have a job will have an impact on reducing income. Through a
decrease in income or even the absence of income generation, it will reduce the community's spending
power, thus causing a decrease in the level of community welfare and resulting in an increase in poverty
(Sinaga et al., 2023). Many factors can increase unemployment, such as the availability of jobs that are
not proportional to the number of labor force, work wages, human resources that are less able to meet
the needs of the labor market and others (Adriyanto et al., 2020). Expansion related to employment that
can directly absorb the labor force can reduce the number of existing unemployed so that efforts to
reduce the unemployment rate are important to do (Fahrizal et al., 2021). In East Java Province, the open
unemployment rate was 4.88 percent in 2022, and decreased 0.61 percent from 2021. Along with the
declining unemployment rate there was also a decline in the number of poor people in East Java Province.

In this case, it proves that a decrease in poverty can be caused by a decrease in unemployment.
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In addition, the findings in the short-term show that in East Java poverty is not affected by the open
unemployment rate. These outcomes align with research carried out by (Farida et al., 2022; Rahman et
al., 2021) hat the open unemployment rate has no effect on poverty. Poverty does not always increase
with unemployment because not all unemployed people have low incomes and are unable to support
themselves and thus fall into poverty. In addition, the unemployed population is not necessarily poor
because there is still other income or their daily needs can still be supported by other family members
who have sufficient income to finance their daily lives. This is evidenced by the fact that in 2022 the
largest contributor to the TPT in East Java Province based on education level was high school graduates
at 8.46 percent (BPS, 2022). Not all high school graduates are fully unemployed, so it is not closely related
to poverty. Most students who have just graduated are in a condition of looking for work or preparing a
business so that in meeting their needs they still rely on the help of parents or families who have income.
These findings are consistent with a study by (Prayoga et al., 2021) that found the workforce of
unemployed high school graduates is still the responsibility of their parents.

In overcoming poverty, of course, it cannot be separated from government intervention through fiscal
policy, namely government spending contained in regional expenditure. However, poverty in East Java is
not influenced by regional expenditure, either in the long or short term. This result is consistent with
studies carried out by (Fitriyanti & Handayani, 2020; Solikah et al., 2022) that found the regional
expenditure does not effect on poverty. This demonstrates that regional spending has not been successful
in lowering poverty. The results of these findings contradict Adolf Wagner's theory states that the
increasing role of government in economic activity will affect the increase in per capita income and
government spending will relatively increase. The greater government spending for the benefit of the
community will reduce poverty in the area. Basically, the purpose of regional expenditure included in the
APBD is to improve community welfare and public services, so as to overcome poverty (Nany et al., 2022).

The results of these findings indicate that high realization of does not always have an impact on poverty
reduction. This is because the realization of regional expenditure in East Java Province fluctuates and in
2022 experienced a decline accompanied by a decrease in poverty. In addition, there is a gap in the
amount of regional expenditure realization for every district and city in East Java Province because it
adjusts the financial condition of each region. The allocation of the amount of district and city expenditure
in East Java Provinceis greater for personnel expenditure than for capital expenditure, goods and services
expenditure, and other expenditure, which includes grant expenditure, subsidy expenditure, social
assistance expenditure, unexpected expenditure, revenue sharing expenditure, and financial expenditure.
In East Java Province, Malang District is one of the regions with the highest number of poor people in
2022 at 252.88 thousand people (BPS, 2023). However, the realization of regional expenditure allocations
was greater on personnel expenditure, which amounted to 1,399.10 billion compared to goods and
services expenditure of 1,191.29 billion, capital expenditure of 575.71 billion, and other expenditure of
982.42 billion (Kemenkeu, 2023). The amount of capital expenditure, goods and services expenditure, and
other expenditure is expected to improve services to the community so that it will have an impact on

regional economic growth and enhance the community's well-being (Fitriyanti & Handayani, 2020).
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In addition, the realization of other expenditures related to community welfare such as social assistance
expenditures in several regions of East Java Province is still found to be inaccurate in its allocation to the
poor. This is corroborated by study findings from (Islamiyah et al., 2023) which revealed that in Sawo
Village, Gresik Regency, East Java, the provision of social assistance to Beneficiary Families (KPM) was still
not on target and the amount of assistance provided was still not appropriate. In addition, TNP2K revealed
that the problem in providing social assistance is that the recipients of assistance are not on target, where
most of the recipients are people who can afford it (Fadhli & Nazila, 2023). In this case, the realization of
regional expenditures is still not effective in helping people get out of poor conditions or reduced the
number of poor people. Therefore, in order to alleviate poverty, district and municipal administrations in
East Java Province must work to provide more appropriate and efficient regional funds, as doing so will
have the effect of reducing current levels of poverty.

Conclusion

According on the result of research related to poverty as influenced by GRDP per capita, Human
Development Index, Open Unemployment Rate, and regional expenditure in East Java Province in 2012-
2022 through regression data analysis with the ECM approach, the results show that GRDP per capita,
HDI, TPT, and local expenditure simultaneously affect poverty in both the long and short-term. In East
Java Province, GDRP per capita has a considerable effect on poverty both in long-term and short-term, so
that increasing economic productivity to increase people's income must continue to be done as an effort
to overcome poverty. The HDI description of the quality of human capital also shows has a considerable
effect on poverty in long-term and short-term. This suggests that improving the quality of human
resources can result in a workforce that is more competent and more effective in meeting their needs.

In addition, in long-term, open unemployment rate has effect on poverty, because individuals who are
unemployed have an impact on reducing income, so an increase in the number of unemployed people
can increase poverty. However, in the short term, different results were obtained, namely in East Java
Province that TPT has no effect on poverty because the unemployed population is not necessarily low-
income and poor. This condition is because the largest contributor to the TPT in Java Province is high
school graduates so that in fulfilling their life needs they can still be supported by other family members.
Then, in long-term and short-term, regional spending has no effect on poverty because the allocation of
regional expenditure is still not effective in overcoming poverty.

Based on the results, the government can maximize theincrease in GDRP per capita, the quality of human
capital, and the reduce the unemployment rate. These factors will influence the acquisition of community
revenue, enabling them to fulfill their basic needs and achieving wellbeing. In addition, the government
can increase the portion of the allocation of goods and services expenditure, capital expenditure, and
other expenditures used to improve the welfare of the community, as well as allocating more appropriate
and efficient regional expenditure towards poverty alleviation so that the East Java Province's poverty can

be decreased by the amount of regional expenditure.
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Limitation of this research is that the results reveal that regional expenditure has not been effective in
overcoming poverty, so further studies can be conducted using other indicators such as regional
expenditure by function. In addition, this study has not provided comprehensive information regarding
strategies and programs that can be used in overcoming poverty in the long-term and short-term. In this
case, future researchers are expected to fill the existing research limitations and expand the research
variables used. Therefore, it can provide broader and more detailed information, so as to assist the
government in formulating the most appropriate strategies and programs in its development programs

and having an effect on lowering the province of East Java's poverty rate.
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